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ABSTRACT

This study aims to introduce and assess CNN Deep Learning methods to analyze visual landscape images on
social media with embedded user perceptions and experiences. This study analyzed visual landscape images by
focusing on a healing place. For the study, seven adjectives related to healing were selected through text
mining and consideration of previous studies. Subsequently, 50 evaluators were recruited to build a Deep
Learning image. Evaluators were asked to collect three images most suitable for ‘healing’, ‘healing landscape’,
and ‘healing place’ on portal sites. The collected images were refined and a data augmentation process was
applied to build a CNN model. After that, 15,097 images of ‘healing’ and ‘healing landscape’ on portal sites
were collected and classified to analyze the visual landscape of a healing place. As a result of the study,
‘quiet’ was the highest in the category except ‘other’ and ‘indoor with 2,093 (22%), followed by ‘open’,
Soyful’, ‘comfortable’, ‘clean’, ‘natural’, and ‘beautiful’. It was found through research that CNN Deep
Learning is an analysis method that can derive results from visual landscape image analysis. It also suggested
that it is one way to supplement the existing visual landscape analysis method, and suggests in—depth and

diverse visual landscape analysis in the future by establishing a landscape image learning dataset.

Keywords: Artificial Intelligence(Al), Social Media, Image Classification, Landscape Perception, Landscape
Planning
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o 1,066 503 433 590 657 667 832 839 701 763 7,051

H# 5. CNN E2id 1071 Z&O| HOfeks H|w

1. 2. 3 4. 5. 6. 7. 8. 9. 10.
fm]=llac]
= VGG16 ResNet50v2 VGG19 | ResNet152V2 | MobileNetV2 | DenseNet201| Xception | InceptionV3 | DenseNet121 | ResNet50
JEe 0.7525 0.7465 0.7199 0.6726 0.6667 0.6164 0.5878 0.4901 0.4842 0.3886
SISAIZHZ) 120.45 140.29 126.51 139.44 126.04 134.32 2,743.54 119.62 143.08 123.54
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172l 0.99 0.63 0.77
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